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Abstract: To solve problems of noise points and high segmentation error for image shadow brought by traditional
Vibe+ algorithm, a novel background segmentation method (Vibe++) based on the improved Vibe+ was proposed.
Firstly, binarization image was acquired by using traditional Vibe+ algorithm from surveillance video. The connected

regions were marked based on the region-growing domain marker method. The area threshold was obtained with dif-
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ference characteristics of boundary area, the connected regions below threshold were treated as disturbing points. Se-

condly, five different kernel functions were introduced to improve the traditional MeanShift clustering algorithm. Af-

ter improving, this algorithm was fused effectively with partitioned convolutional neural network. Finally, program of

classification of trailing area, non-trailing area and trailing edge area in the resulting image was performed. Position

coordinates of the trailing area were calculated and confirmed, and the trailing area was quickly deleted to obtain the

final segmentation result. This segmentation accuracy was greatly improved by using the proposed method. The ex-

perimental results show that the proposed algorithm can achieve segmentation accuracy of more than 98% and has

good application effect and high practical value.

Key words: background segmentation, clustering analysis, segmentation accuracy, convolutional neural network
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